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Existing knowledge transfer or data construction
pipelines typically assume that supervision either
originate from a globally stronger model, or
evaluated by a reward model.

Methodology

Delta Preference Transfer (DPT) Constructs localized

However, different models exhibit distinct response
level preference patterns even within the same model
family, which may induce complementary learning
signals for the target model.
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Results on math benchmarks across different generators with Qwen3-4B as target model

Analysis and Conclusion
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Conducted on the reward margin shown above (Qwen3-4B vs.
Nemotron-Nano-9B-v2), the finetuned target model shows a distribution

A
closer to that preferred by the generator, while largely preserving its
—56.3% .. Ll .
- 6 original distribution on prompts where it was already preferred.
—7.6%

This suggests that DPT transfers behaviors associated with
complementary strengths without relying on an external reward
model, achieved entirely through localized preference deltas.
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