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Abstract

We examine human intervention in Al-assisted lending using data from
LendingClub, where a subset of borrowers i1s randomly selected for
verification, enabling human review of algorithmic decisions. Exploiting
this 1nstitutional variation and restricting attention to borrowers with
1dentical observable credit profiles, we 1dentify the causal effect of human
intervention. We find that human verification leads to significantly higher
interest rates, even among observationally 1dentical borrowers. Moreover,
human-induced interest rate adjustments predict ex-post default beyond
the Al prediction, reflecting superior screening of latent borrower risk
rather than higher interest rates driving borrower outcomes. We prove
these findings as arising from human screeners processing the same
borrower information differently and potentially applying conservative
adjustments because of agency concerns or uncertainty about Al
recommendations. Our results highlight the role of heterogeneous
information processing in human-Al decision-making.

Introduction

Backgrounds and Research Question

* Algorithmic decisions are frequently subject to human review.

 This raises a central question: when humans review Al-generated
decisions, do they contribute incremental predictive information or
simply alter algorithmic recommendations?

« FEven when humans and Al observe the same borrower information,
they may process that information differently, leading to either
improved risk assessment or systematic distortions.

Empirical Challenge and Solution

* A key empirical challenge 1s that human intervention is typically
endogenous, making 1t difficult to distinguish 1nformational
advantages from selection effects.

 This paper addresses this challenge by exploiting an institutional
feature of LendingClub (LC), a large U.S. peer-to-peer lending
platform. The platform also randomly selects a subset of borrowers for
verification, even when additional review 1s not required. This
institutional feature generates plausibly exogenous variation in post-Al
human review.

Findings

 Human verification leads to significantly higher interest rates, even
among borrowers with 1dentical credit profiles.

* Human-induced i1nterest rate adjustments contain i1ncremental
predictive 1nformation about subsequent default beyond the Al
recommendation.

Quasi-random variation with a multivariate matching design

* Using the LC loan application data (2007-2020), we construct cohorts of
borrowers with identical observable credit profiles.

* It allows us to compare otherwise identical borrowers who differ only in whether
they receive post-Al human review (verification).

Human Screening Captures Residual Borrower Risk

IV (2016 LC funding shock)-based 2SLS estimates indicate that human-induced
interest rate adjustments primarily reflect “predictive selection (capturing borrower
risk beyond the AI)” rather than a “causal effect” of higher interest rates on default.

Rationalized Mechanism: Loss-Minimization Model of Human Screening

* Human screeners optimally adjust Al-assigned interest rates by minimizing an
asymmetric loss.

 Upward adjustments reflect both informational corrections and precautionary
conservatism.

» Standard errors in parentheses are double-clustered by issue year-quarter and matched cohort. *, ** and
**%* indicate significance at the 10%, 5%, and 1% levels, respectively.
* Robustness checks are conducted separately for the high- and low-credit-profile subsamples.

Table 1. Human Verification and Interest Rates

Dep. Variable: Interest Rate
(1) (2) (3) (4) (5)
Human Verification  0.010%%%  0.005*%#*  0.006%%*  0.006%%*  (0.006%%*
(0.001) (0.001) (0.001) (0.001) (0.000)

Observations 334.900 334,900 334,900 334,899 334,899
R-squared 0.012 (0.377 (0.399 (0.400 0.651
Controls No Yes Yes Yes Yes
Year-Quarter FE No No Yes Yes Yes
State FE No No No Yes Yes
Cohort FE No No No No Yes

Table 2. Default Risk: AI-Assigned Rates vs. Human Adjustments (Predictive Content)

Dep. Variable: Default
(1) (2) (3) (4) (5) (6)
Al-Assigned Interest Rate 1.2967%%% [,139%%*% 1316%**% -0.154* 0.633%%* (.552%**
(0.089)  (0.081) (0.087) (0.091)  (0.082) (0.082)
Human Interest Rate Adjustment 0.63 %% 1.4009%*
(0.034)  (0.038)
Upward Adjusted 0.050%%=
(0.003)
Downward Adjusted -0.026%**
(0.004)
Upward Adjusted (50bp) 0.055%%%
(0.003)
Downward Adjusted (50bp) -(.034 %
(0.004)
Observations 216,047 166,798 216,047 166,798 166,798 166,798
R-squared 0.073 0.464 0.077 0.470 0.466 0.466
Controls Yes Yes Yes Yes Yes Yes
Year-Quarter FE Yes Yes Yes Yes Yes Yes
State FE Yes Yes Yes Yes Yes Yes
Cohort FE No Yes No Yes Yes Yes

Figure 1. Verification Effect Decomposition: Direct and Interest-Rate Channels
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Discussions & Conclusion

Interpretations

* Human screeners improve Al-assisted risk assessment by processing
the same borrower information differently from the algorithm.

 Human intervention serves as an informational correction to the
algorithmic recommendation while potentially 1ncorporating
conservative adjustments arising from agency concerns, ambiguity
about the Al recommendation, or algorithm aversion.

Data & Empirical Strategy Contributions

* We provide causal evidence on human intervention in Al-assisted
decision-making by exploiting quasi-random verification together
with multivariate exact matching, allowing us to isolate the effect of
post-Al human review

* We contribute to the literature on human—algorithm interaction by
showing that human intervention can improve prediction beyond the
Al recommendation even when humans rely on the same underlying
information, highlighting heterogeneous information processing as a
source of complementary predictions (Athey et al., 2020).

* We contribute to the literature on FinTech lending by showing that
human-induced interest rate adjustments primarily reflect superior

screening of latent borrower risk rather than a causal pricing effect
(Morse, 2015; Iyer et al., 2016; Libert1 & Petersen, 2019).
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