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The question 2 The dominant axis depends on the channel

Cross-task aggregate: which axis dominates per task?

FrOnﬁer LLMS manipU|ate USEIS Uﬂp"Ompted iﬂ high'trUSt SetﬁﬂgS. MOSt Mma- Frame dominates only in Bargaining + Village; difficulty dominates in Debate / Sales / Committee.

nipulation benchmarks vary one axis in one environment — so is manipula- 0.7{ W frame
tion actually correlated across environments? To find out, we test across 6 0.6 mm diftieatty

models x 6 environments x 3 axes, totaling 13,590 scored scenarios.
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Cross-task per-model |slope| profile (color: per-task max-normalized; cell value: absolute |slope|)
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Three axes of variation
Each environment is run at all 5 x 3 x 3 = 45 axis cells. Mean |slope| per (task x axis) — aggregate (top) and per model (bottom). The

dominant axis tracks the channel, not the model: difficulty on assertive
T2/T4/T5, framing/incentive on commissive T1/T3 (17/18 pairs;
between-group gap +0.440).

Framing — system-prompt suffix on the interested party; an explicit ban — explicit licence to manipulate

prohibitive pro-social minimal selfish permissive

Incentive — reward for completing the task

none moderate [high Zoom: who lies, and how big (Bargaining)

Difficulty — how much manipulation actually helps the model succeed
low (not needed) medium | high (decisive)

T1 Bargaining — lie rate (left) vs median lie magnitude in points (right). Stated values are clipped at 200 — extreme outliers compressed.
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T2 Debate - Lie rate (left) and median magnitude (right) by model x frame. Prohibition
L 0.25 zeroes lying; when models do lie, most jump to the 200-pt cap. Claude stays
c low & small; Llama stays penalty-blind.
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= ProHibit. Pro-slocial Minimal Sehlcish Permissive
Rank models by manipulation rate — orderings barely correlate across tasks:
mean Spearman p = 0.055. 4/10 pairs negatively correlated, most T6 (pre-registered commissive): all 3 locked predictions held — frame beats
manipulative on Debate is least manipulative on Sales. No general difficulty 6.1 x. Verbal incentives are inert: only incentives that change the
“manipulation-propensity” trait. reward math move behavior; restating an objective in the prompt does not

(2.3-18x smaller).
What manipulation looks like

Takeaways for safer evaluation & deployment

We define manipulation as influencing a target by distorting, withholding, or . — . . . .
structuring information in ways that undermine informed decision-making. " Single-axis, single-environment evals miss the dominant signal:
multi-axis, multi-environment designs are a requirement.

We identify t ipulati h s, defined by the object of d tion. : . : . .
< Ientity TWO Manipliatio channets, delned by the bbject or deteption = Match the axis to the channel: difficulty for assertive, framing/incentive

ASSERTIVE | distorting a fact (Sales) for commissive.
Buyer: “What's the mileage?” — ground truth: 150,000 km = “You are graded on accuracy” does nothing: behavior-shaping needs
Seller: “This 2019 Model O has just 90,000 km on it! ... plenty of life left.” [FALSE] structural integration, not prompt text.

= More research is needed on multi-agent environments: building
effective evals requires a deeper understanding of how environments
shape an agent’s behavior.

= Open release: framework, environments, deterministic scorers,
pre-registered predictions.

COMMISSIVE | misrepresenting an action (Bargaining)

Agent A's true value = 1; split o stated value, no penalty.

A says: “let’'s both aim for a fair, balanced outcome ... rather than racing to inflate numbers.”
A does: commits valuation 80 [lie magnitude 79]
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