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Training: Eval: Needle-In-A-Haystack (5 needies; 6 digits) Eval: CL/Adaptation (6 oop the Pile domains)
> 130M backbone LM - hybrid of attention and GDN > strong memorization: 70-90% acc > PPL reduction w/o weight update
> PKM or FWPKM inserted at layer 2, 6, 10 > extrapolate to long context: 128K tokens > fall to retain memory
> 10B training tokens; 4K seq len.
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FwPKM: augmented token mixer

Learning FWPKM states

Info. of training data

Info. of input context

Slow-weight param.

Fast-weight key param.
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Chunkwise Update + Lookahead QV association




