Position:
Knowing Isn't Understanding: Re-grounding
Generative Proactivity with Epistemic and
Behavioral Insight
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Preference Alignment # Collaboration

Preference
Alignment

e Satisfy user preferences.
e Optimize helpfulness.
e Comply with user signals.
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Preference Alignment # Collaboration

Collaboration
Preference

Alignment

e Ask when needed.

e Challenge when warranted.

e Suggest carefully.

e Refuse when necessary.

e Staysilent when intervention is
not justified.

e Satisfy user preferences.
e Optimize helpfulness.
e Comply with user signals.
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What Breaks When Preference Becomes the
Objective?

Optimize for what users
express, choose, or
reward
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Existing Approaches to Proactivity

Anticipatory
Systems




Existing Approaches to Proactivity

Increasing reliance on prediction Increasing System Control
< >
Anticipatory Mixed Intiative
Systems Systems
predict next need plan and execute manage initiative
context/history - suggestion goal - tools > action clarify - suggest - defer

What remains outside the frame?

Current proactivity optimizes action within a frame.
It rarely asks whether the frame itself is complete.
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The Philosophy of Ignorance Changes the Question

Not all gaps are uncertainty over known variables.

- N
. Assumed task frame
\ [constraints] [success criteria]
\\k\ /
b . " outside the frame

Structured Ignorance

Known Unknowns False Knowns
I know I don’t know [ think I know, bit I'm wrong.
Tacit/ Unknown Knowns Unknown Unknowns
e I know something, I don’ :
but haven't surfaced it O don’t know this matters yet.

If the gap is not represented, the agent cannot simply predict, plan, or clarify its way out.
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Surfacing Gaps Is Not the Same as Acting on It

Epistemic insight still needs behavioral restraint

Possible How should the
. . agent intervene?
Epistemic Gap
Act

[ hidden assumption ] jChaIIenge»fr

j Suggest
[ missing risk ] Clarify

Ask j

[ unknown unknown ] Obeerve f

low commitment , reversible higher commmitment, higher risk

if understanding is weak

Good proactivity requires knowing not only what may be missing,
but how strongly to intervene
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Proactivity Is Calibrated Deviation, Not Maximal

Initiative
Lessons from behavioral theories of proactivity

Doughnut: discretionary action
roles flexible; experimentation tolerated
defined by recoverability.

. Core: prescribed responsibilities Prescribed

rules, procedures, accountability Core
deviation is costly *
(safety/coordination).

* Beyond outer boundary: overreach
exceeds situational legitimacy

conflict / disruption / unintended
* Overreach

consequences. ..
- Bounded Initiative



Commitment/
Strength of
Action

Epistemic-Behavioral Coupling

high 1
Epistemic Overreach Justified Action
outcomes shaped without strong intervention
warranted understanding grounded in understanding
r—— e —
Strong action . weak grounding act. recommend . commit with warrant
A
4 : . : . N
Exploration/ Probing Cautious Assistance
gather information without b jarif ‘
strong intervention ODSEIVE, clarity, sUgges
r———— e —
ask, probe clarify, suggest, keep reversible
\_ J
low
>
low high

UNIVERSITY of WASHINGTON

Epistemic Legitimacy

The strength of intervention should scale with
epistemic legitimacy.



Toward Epistemic Partnership

. . . . . )
Epistemic partnership through proactive gap surfacing
Expanded
Agent-user Revealed | =xpa
] i inquiry space
Missi epistemic latent
1559 t hi relationshi
Tree relationship partnership P i Newton's
l/-————, U= law
Apple |
| | v~ Newly articulated
— _' - -
~ - unknowns
Ground What latent Proactive gap ) Emergent
realtionship faci 2.
surfacing 2D unknown
governs x and y? 2
“ ] “ i, unknowns
' | allin
aK J 3 | .
| | New questions emerge;
Obsel’vations Without the ~——————————————,—,——,—————— / inquiyy space expands.
governing relationship
T T | | | >
Observe Identify Gap Surface Reveal Expand & Discover
= J

Reason about unknown
unknowns

Long-horizon thinkers

Test-Time Proactivity

Epistemic partnership is a governing constraint on how and when
proactive behavior should unfold.
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