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Our Position

Model Collapse:

amplifies the existing harms of generative models for
low-resource communities.

Shifts data distributions away from marginalised
groups towards hegemonic viewpoints.
Amplified uneven energy costs and lowers best
case performance for under-represented groups.

Addressing model collapse should therefore be a
central concern for research on low-resource settings

and AI fairness



Stochastic Parrots [1]

​​An analogy used to explain how LLMs are
often ungrounded.

[1] Bender, E. M., Gebru, T., McMillan-Major, A., & Shmitchell, S. (2021, March). On the dangers of stochastic parrots: Can language models
be too big?🦜 . In Proceedings of the 2021 ACM conference on fairness, accountability, and transparency(pp. 610-623).
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Stochastic Parrots [1]

​​An analogy used to explain how LLMs are
often ungrounded.
repeat probable words based on language stats.

 

Leads to a number of potential harms, including:
Value Lock and Static Data.
Reflects online data distributions and not reality.
Encodes explicit bias.

[1] Bender, E. M., Gebru, T., McMillan-Major, A., & Shmitchell, S. (2021, March). On the dangers of stochastic parrots: Can language models
be too big?🦜 . In Proceedings of the 2021 ACM conference on fairness, accountability, and transparency(pp. 610-623).
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Transfer Learning
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15000 Short

Stories

Generation 1 Data
10000 Stories +
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Alternative Views
​​"Model Collapse" conflates a lot of phenomena in the
literature and has not clear definition.

Model collapse may be less pessimistic and the
assumptions of collapse do not match real world
settings. [6]

[6] Schaeffer, R., Kazdan, J., Arulandu, A. C., & Koyejo, S. (2025). Position: Model collapse does not mean what you think. arXiv preprint
arXiv:2503 03150
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Alternative Views
​​"Model Collapse" conflates a lot of phenomena in the
literature and has not clear definition.

Model collapse may be less pessimistic and the
assumptions of collapse do not match real world
settings. [6]

Model Collapse may be useful:
Human language evolves over generations in a
similar manner and becomes more structured. [7]

The Stochastic Parrots analogy may be outdated:
Models are becoming more grounded and context
aware.

[6] Schaeffer, R., Kazdan, J., Arulandu, A. C., & Koyejo, S. (2025). Position: Model collapse does not mean what you think. arXiv preprint
arXiv:2503.03150.

[7] Kirby, S., Cornish, H., & Smith, K. (2008). Cumulative cultural evolution in the laboratory: An experimental approach to the origins of
structure in human language. Proceedings of the National Academy of Sciences, 105(31), 10681-10686.
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Conclusion and Call to Act

Regardless of which definition we use or how much
data is needed to avoid collapse, some culture on
Earth is in a regime of worst case Model Collapse.

 

Due to the potential to undermine efforts to
democratise AI and the internet, more deliberate
work is needed by low-resource and AI fairness
communities.
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