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As shown in the
figure, the two
chords AB and CD in
the circle intersect at
E, 2D =35.0, LAEC =
105.0, then 2C =)
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Given £AEC=105 and
2D=35. Find «C.
Identify the triangle
containing «C and set
up the formula using

Theorem.

the Exterior Angle
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Derived 2C = 105 - £B.

Given 2£D=35, find «B
by identifying its
subtended arc.

B subtends Arc AC. To
solve £C = 105 - £B,

check if £D=35
subtends the same arc
to determine B
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Confirmed 4B and 2D
subtend Arc AC,
implying £B=£D=35.
Substitute this value
into 2C=105- 4B

Step 5‘

Perform final
calculation: 105 - 35.
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4. Main Results

MARKOV STATE
TRANSITION(Si->Si+1)

Method Model Visual Perception Math Reasoning Cross-modal
HalluBench MMVP MathVista ~ MM-Math MMStar ScienceQA

No-CoT 63.8 54.7 48.4 29.3 48.9 44.6
Multimodal COT & e 63.8 54.4 47.3 28.5 48.5 42.9
CCOT : 64.0 55.5 48.0 302 49.3 4.5
SCAFFOLD =4 64.3 56.3 50.7 314 50.2 46.1
LDPVR 64.7 10.9% 56.8 1214 51.0 12.6% 33.3 +4.0% 51.2 1+23% 46.9 1234
No-CoT 63.1 69.3 60.7 41.6 57.2 51.2
Multimodal COT £ . 62.3 68.1 59.5 40.1 56.9 47.8
CCOT § E = 64.6 68.0 60.5 41.8 59.0 49 .4
SCAFFOLD = 66.1 68.8 624 42.9 59.1 51.1
LDPVR 68.2 5.1% 70.1 087 63.1 +2.4% 44.1 1259 60.1 290% 52.3 +1.1%
No-CoT - 62.6 67.4 51.8 41.1 52.6 51.2
Multimodal COT = 62.2 68.4 52.7 39.1 51.1 51.2
CCOT ~ > 8 63.5 69.1 53.5 41.1 53.0 51.1
SCAFFOLD g 64.1 70.1 55.9 42.1 54.6 55.3
LDPVR 65.2 12.6% 72.4 150%  58.7 16.9% 43.7 12.6% 56.8 1429 56.1 +4.9%
No-CoT 1.5 71.1 64.9 65.9 1.3 31.1
Multimodal COT E = 70.3 69.2 62.1 64.2 57.3 52.8
CCOT gg LK 71.8 63.9 65.1 59.0 52.4
SCAFFOLD 72.8 72.9 64.9 65.4 59.7 54.1
LDPVR 73.1 11.3% 72.9 11.8% 66.1 1124 66.2 10.3% 60.8 1234 55.2 14.1%

Method MMVP MM-Math ScienceQA
SFT+GRPO 68.9 43.1 53.7
stage 1 66.4 41.1 50.9
stage?2 69.7 42.3 534
stage 3 72.4 43.7 56.1
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