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2. Fixed paradigms

Sparse Sampling
(Static)

Dense Reasoning Space
(Reality)

Human-curated tasks miss reasoning blind spots
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Slow refresh + limited scale cannot 
keep up with rapid agent evolution.

3. Data Contamination

Public tasks become training data; 
scores become memory tests.

Static score ≠ genuine code reasoning.

Gemini 3 Flash was given only the task ID django__django-11099, 
yet reproduced the task text and gold patch. 

                                        —OpenAI’s blog "Why SWE-bench Verified 
no longer measures frontier coding capabilities 

AI CODE AGENTS: SUPERHUMAN?

UNICODE REASONING STRESS TESTS

1. Slow Refresh Model Performance Across Reasoning Variants

- Performance Collapse: Average 31.2% drop with high volatility (up 
to 61% variance) across reasoning axes.
-  Reasoning Fragility: Model capabilities collapse when the 
underlying reasoning graph topology is altered.
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Seed-Regression: A Hidden Failure Mode

Models frequently regress to memorized seed paradigms.

KEY FINDINGS
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