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RQ1 & RQ2 : Can Behavioral Foundation Models Perform Over Multiple Behavioral Tasks, and
Generalize to Unseen Behavioral Contexts?
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« OmniSapiens 2.0 resolves learning

OmniSapiens 2.0:

Reasoning: The children are
hitting each other, which is
aggressive behavior

OmniSapiens RL:

Reasoning: The audio and video
do not provide enough information
to determine the presence of the
autism-related behaviors listed.

HumanOmniv2:

Reasoning: He’s standing and just swung
his arms really fast and hard. That could
definitely be seen as aggressive behavior...
He's moving so fast too, looking quite

imbalances during training, coinciding

with more interpretable reasoning
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