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A reward-free bridge from imitation learning to RL

E) Motivation E) Early Experience E) Results — Immediate Gains to IL

Language agents should improve from their own experience. But RL needs rewards that many real The agent proposes its own actions and collects the resulting future states as

environments — websites, multi-turn tools — rarely provide. Imitation learning (SFT) avoids supervision. Two strategies turn these states into learning signals: Benchmark Model ‘ Prompt L ‘ Ours-IWM Ours-SR
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Out-of-domain gains persist across three unseen splits— even Iarger than in-domain



