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Introduction
Large reasoning models create new opportunities for optimization modeling, but 
post-training is delicate.

Our key idea is simple: repair the model’s own reasoning instead of replacing the 
whole solution.

Task Definition

Pilot Study

The task is to translate a natural-language optimization problem into a mathematical 
model and solver code. Strong performance requires formulate, code, execute, 
inspect, and revise.

Fine-tuning on complete solutions helps easy benchmarks but hurts hard 
ones. This suggests complete-solution supervision can interfere with the 
base model’s native reasoning process.

Let the base model try first. Detect the first mistake, insert a short hint, and continue from the 
repaired context.

A Taxonomy of Failures in the Base LRM’s Solutions:

STORM Results
STORM-4B matches 671B DeepSeek-R1-0528 on five optimization modeling benchmarks. RL with CALM increases code use and improves solver reliability.


