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— Short videos may include redundant frames. e Rank Head: Scores each candidate frame by question relevance. VideoLLaMA3-7B (Zhang etal., 2025a) 16 278 323 823 723 561 61.2 61.4 509  55.5
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Training Curriculum e With 16 frames input: FrameOracle reduces to 10.4 frames on average while
Contributions Stagel i Stage2 | Stage3 i Stage4 preserving accuracy.
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question -conditioned keyframe annotations, specifying the [Rankﬁeaﬂ’ e [RankHea‘:]* (cresd| | (ko] [ﬁl—f] i [RankHe;:j» [El_f] Question: What seems to be the main purpose of the video? What actions did ¢ perform to achieve this purpose?

A: The main objective of this instructional video is to effectively demonstrate how to easily tie your hair back.
B: The main purpose of the video is to show how to open a jar.

C: The primary objective of the video presentation is to demonstrate the most effective methods for properly
cleaning your windows.

F rameo rac I e -41 K: StatiSti CS D: The main purpose of the video is to show how to use a resistance band to exercise your arms and upper body.
- = - - E: The primary objective of this video presentation is to effectively demonstrate the proper way to engage in a fun
FrameoraCIe 41 K' Plpel I ne tug-of-war match with your canine companion.

e FrameOracle-41K contains 40,992 samples.

minimal sufficient frames needed to answer each question.

Uniform Sampling (Qwen2.5-VL: A)
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