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.- Background: More Practical Settings

Data stream Hierarchy growth: Final hierarchy
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.- Background: More Practical Settings

Tree 1 - Tree Structure Tree 2 - Tree Structure Full CIFAR-100 Tree - Tree Structure
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Figure 12. Growing label hierarchies for CIFAR-100. The left, middle, and right subfigures show the label hierarchies after confronting
10, 50, 100 (all) fine-grained classes.




Upcoming Challenges

Hierarchy-aware loss fails
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.- Results foves FEII‘NP_E

CIFAR100 FGVC-Aircraft CUB-200 iNaturalist
Method AAUC FAUC MS | FFAcc|AAUC FAUC MS | FFAcc|AAUC FAUC MS | FFAcc|AAUC FAUC MS | FFAcc
RS (HAF)(Garg et al., 2022) 540 376 122 253 | 202 162 203 99 50.5 203 151 157 | 717 248 202 11.6
CBRS(Chrysakis & Moens, 2020) 399 274 153 988 | 264 241 187 115 | 498 197 145 186 | 704 263 190 147
MIR(Aljundi et al., 2019a) 305 233 189 124 | 32.1 236 182 124 | 535 279 142 214 | 684 230 227 153
CLIB(Koh et al., 2022) 524 346 141 195 | 239 170 194 117 | 506 234 144 189 | 728 264 193 194
RM(Bang et al., 2021) 5277 390 125 188 | 31.5 226 194 134 | 523 231 140 174 | 720 254 207 144
PLFMS(Lee et al., 2023) 46.5 354 134 240 | 261 233 181 133 | 522 229 153 163 | 704 254 203 16.2
1CaRL w/ SDC(Yu et al., 2020) 498 396 1.19 23.1 | 284 227 180 18.1 | 474 245 143 224 | 673 28.1 1.8 17.1
LwF w/ RS(Li & Hoiem, 2017) 541 365 121 272 | 243 161 194 11.1 | 50.8 21.8 147 167 | 608 176 235 143

EWC++ w/ RS(Kirkpatrick et al., 2017) | 533 349 139 308 | 309 158 193 103 | 51.5 239 146 147 | 654 219 232 184
ICICLE w/ RS(Rymarczyk et al., 2023) | 49.0 308 137 196 | 184 980 1.77 730 | 464 21,6 140 156 | 574 20.1 239 9.40

ACIL(Zhuang et al., 2022) 49.5 392 137 358 | 38.1 274 177 305 | 525 309 134 358 | 672 346 224 268
GACIL(Zhuang et al., 2024a) 51,5 439 1.12 36.1 | 386 267 1.75 303 | 547 312 130 358 | 69.0 34.1 220 309
OnPro(Wei et al., 2023) 506 315 145 209 | 256 283 193 216 | 476 209 151 151 | 614 17.7 216 135
NsCE(Wang et al., 2024b) 534 367 134 240 | 268 184 185 223 | 503 246 149 177 | 692 214 235 143
CCL-DC(Wang et al., 2024a) 545 359 142 258 | 331 280 1.75 259 | 515 208 142 184 | 708 272 203 16.5
OnLora(Wei et al., 2025) 52.1 342 128 284 | 345 267 1.69 247 | 532 284 129 289 | 735 302 189 22.1
Ours 592 435 113 320 | 40.6 366 128 289 | 629 462 093 376 | 783 408 1355 40.1




.- Results

Tree 1 - Distance Matrix

Tree 1 - Prototype Distance Matrix w/o HPR
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Tree 2 - Prototype Distance Matrix w/o HPR

Tree 1 - Prototype Distance Matrix w/ HPR

Tree 1 - Absolute Difference w/ HPR
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Full Tree - Absolute Difference w/ HPR
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2 - Absolute Difference w/o HPR
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