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Motivation



Framework



Token Importance Estimation

• We propose a novel result driven importance criteria 
to align the objectives of importance estimation and 
tracking precision.



Token Importance Estimation

• We sample g group template/search tokens using a 
multinomial distribution parameterized by the 
importance scores output from the policy network. 

• We employ the IoU between predicted and 
groundtruth bounding boxes as the reward signal R 
and compute the advantage function A for these 
token groups.



Token Importance Estimation

• For ease of exposition, we reformulate the template 
policy network with parameter θ as                .

• We optimize the policy network by maximizing the 
following objective function.



Elastic Inference Enhancement

• We freeze the policy network and all preceding layers, and 
utilize the trained policy network to select the most important 
tokens under different budgets                       .

• We use these sampled tokens under different budgets for 
collaborative optimization, thereby enhancing the tracking 
precision of the tracker under varying token budgets.



Quantitative Results
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Ablation Studies
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