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Previous Solutions chitecty,

« Two general ways to improve attribution [PAR] [AAR]

robustness:

* Auxiliary loss
* Architectural modification

« PAR/AAR -> Post- or Ante-hoc
Architectural Regularization

- ATR -> Adversarial Training Regularization

« ECR -> Explicit Curvature Regularization
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« A new aspect in attribution robustness is
the effect of training dynamics

« SAM -> Sharpness Aware Minimization
* ICR -> Implicit Curvature Regualrization
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Conclusion

+ We can see both theoretically and empirically that the training dynamics can
affect attribution robustness.

+ This phenomenon allows us to control the attribution robustness via controlling
parameter curvature (in expectation).

+ Therefore, one can avoid training with costly auxiliary losses that depend on
input curvature and architectural modifications.
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