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Solved via distillation

Not exhaustively explored
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Train “fakeˮ model
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Possible problems:

We want to extend Inverse Distillation for Discrete Diffusion Models

● Theoretical groundness:
???

● Non-smooth discrete domain (will clarify later):
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Intuition

Unmasking occurs only once during generation, so the transition timestep does not matter. We only need to move to the 
correct token.

SUBS parameterization
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Masked Diffusion
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Masked Diffusion

How to take gradient through it?
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Practical Contribution: IDLM-MDLM

Reparametrization
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Masked Diffusion

How to take gradient through it?
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Practical Contribution: IDLM-MDLM

SUBS parameterization
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Practical Contribution: IDLM-MDLM
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Training the model for few-step generation allows us to use the same sampling procedure as the teacher model

Sampling

Challenges in one-step generation
Single-step text generator distillation remains challenging, likely because each latent must collapse to a delta 
distribution, causing instability.
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Experiments: Unconditional generation (OpenWebText)Face 
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