Expectation Consistency Loss

Rethink Confidence Calibration under Covariate Shift
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Key Insight: Expectation 9 ECL Framework
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1.

Necessary & sufficient
condition for calibration
under covariate shift

Key Contributions

3.

4, Validated on
MNIST/USPS/SVHN,
PACS, ImageNet-Sketch

2- No importance weighting —
robust to unbounded
density ratios

Sample complexity O(B/gz),
same as ECE

O github.com/Neurodong/ECL




