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Problem Statement The GALA Method Digit-18 Benchmark

Unsupervised multi-source domain adaptation seeks to generalize to an unlabeled target o MNIST |
domain using labeled data from many diverse sources, but current distributed methods struggle to 0' aa o
scale beyond a few domains. As the number of heterogeneous sources grows, these - -

approaches become impractical due to high computational costs and unstable performance. m
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* We align source feature extractor We use centroid-based weighting of sources to identify |
by minimizing their prediction target similar sources based on MDMGB [2]. Class-wise , - g
discrepancies on target data feature centroids: ' -
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* Approximate the full pairwise re = er@s c(x) - G(x) Z
discrepancies with a group-wise erm)g Oc(x) . ,,
formulation for scalability: Compute cosine similarity S(r;, r;,) between source and
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Results on High-source Setting ' Conclusions
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Ablation achieves stable, efficient
SVHNXS | MNISTM alignment to an unlabeled
target domain.
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With growing number of sources FACT [1] struggles
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— FACT — GALA becomes prohibitively slow. All components of

GALA contribute to
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