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¥ Benchmark Evaluation with skills

+ Skills derived from embodied activities

* Unified VQA evaluation for all modalities
* Fine-grained Failure Diagnosis

* Real-world combined with synthetic data
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H Skills derived from embodied activities
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B Skills evaluation show performance B Skill

-evaluation enable agent design
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(a) General task.

(b) Spatial task.

(c) Part task.

(d) Top-down view.

B Skills enable fine-grained diagnosis

* Two limited capabilities across skills:
* Visual Capabilities, Spatial Capabilites
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