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Method

Ablation Study

(e) Calibration (ECE) ↓ (f) Efficiency comparison 

1. Multi-view Prior Extraction: Extract Semantic View with a LoRA-

tuned CLIP encoder 𝑓𝑠, a lightweight 𝛽-VAE reconstructs a manifold-

consistent feature 𝑓𝑐,

2. Geometric View Purification: Compute raw residual 𝑓𝑟 = 𝑓𝑠 − 𝑓𝑐 , 

then remove semantic leakage by 𝑓𝑎 = 𝑓𝑟 − proj𝑓𝑠
𝑓𝑟 , yielding a

purified Artifact View.

3. Evidential Opinion Generation: Each view produces evidence
𝑒𝑣 = Softplus 𝑊𝑣𝑓𝑣 + 𝐶𝑣  and opinion 𝑇𝑣 = 𝑏1

𝑣 𝑏2
𝑣 𝑢𝑣 , where 𝑏𝑣is

belief and 𝑢𝑣 is uncertainty.

4. Conflict-Aware Evidential Aggregation: Fuse opinions by

Dempster-Shafer theory 𝑇 = 𝑇1 ْ 𝑇2; conflicting evidence increases

uncertainty for trustworthy Real/Fake decision.

All components contribute to stronger generalization and reliability.
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Background

Generalization remains challenging:

➢ Forgery techniques evolve faster than detector

training data.

➢ High-fidelity deepfakes hide artifacts behind 

realistic semantics.

➢ Existing methods often overfit known patterns 

and fail on unseen attacks.

Contributions

➢ Divide: decouple Semantic View and Artifact 

View via Geometric View Purification.

➢ Conquer: fuse both views with Uncertainty-

Aware Evidential Learning.

➢ Benefit: reduces Semantic Masking Effect, 

captures epistemic conflict, and improves 

generalization.

➢ Existing detectors learn entangled features.

➢ Semantic Masking Effect hides subtle artifacts.

➢ Unseen fakes cause ambiguous uncertainty

and unreliable boundaries.

Motivation
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