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MLE: A Critical Bottleneck in Automating Al Research
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Limitations of Existing Approaches
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C. Lack of Credit Assignment
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MARS (Modular Agent with Reflective Search)
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MLE-Bench Leaderboard
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Famou- Gemini-3-Pro- 80.3 64.04 + 42.22 64.44 24 2026- X
Agent 2.0 Preview 1.52 2.32 +2.22 +1.18 02-23
. Claude-Opus- 77:27. 61.40 + 46.67 63.11 2026-

AlBuildAl 24 X
e 4.6 +0.00 0.88 + 0.00 +0.44 03-06

CAIR Gemini-3-Pro- 78.79 60.53 ¢ 44.44 62.67 - 2026- s
MARS+ Preview +1.52 1.52 +2.22 +0.77 02-17
Gemini-3-Pro- 80.30 57.89 42.22 61.33 2026-

MLEvolve . 12 v
- Preview +1.52 152 +2.22 +1:33 02-14

%AI Gemini-3-Pro- i0‘30 58.77+ 40.0% i1'33 o 2026-

Preview[1 .88l2l 0.002 01-0

Research) review 1.5202 . 0.77:4 g
Famou- . 75.76 57.89 40.00 59.56 2025-

— Gemini-2.5-Pro 24 X
Agent 2.0 +1.52 1.62 + 0.00 +0.89 12-27

ML-Master Deepseek- 75.76 50.88 + 42.22 56.44 24 2025- X
2.0 V3.2-Speciale +1.51 3.51 +2.22 +2.47 12-16

- Ranked #1 (Feb 2026)
- Currently Top-3 on Leaderboard



The “Aha!” moment of MARS
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