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Overview

We introduce OmniShow, the first all-in-one-model that unifies text, reference image, audio, and pose conditions 
for Human-Object Interaction Video Generation (HOIVG), which also supports broader real-world applications.



Pipeline

We introduce OmniShow, the first all-in-one-model that unifies text, reference image, audio, and pose conditions 
for Human-Object Interaction Video Generation (HOIVG), which also supports broader real-world applications.



Methodology

Text Alignment:
• TA from VideoReward
Reference Consistency:
• Face Sim from OpenS2V
• NexusScore from OpenS2V
Pose Accuracy:
• AKD based on DWPose
• PCK based on DWPose
Audio-Visual Synchronization:
• Sync-C based on SyncNet
• Sync-D based on SyncNet
Video Quality:
• AES from VBench
• IQA from VBench
• VQ from VideoReward
• MQ from VideoReward

Video Curation

Object Image 
Acquisition

Human Image 
Acquisition

Pose Extraction Audio Synthesis

Existing benchmarks often focus on limited-modality control (e.g., text+pose or 
text+images). We construct HOIVG-Bench to bridge this gap by providing an 
evaluation suite comprising 135 carefully curated samples and dedicated metrics.



Experiments

We compare our OmniShow with existing state-of-the-art methods on HOIVG-Bench, showing that OmniShow can 
achieve superior overall performance across diverse multimodal task settings.

Quantitative Comparison



Experiments

OmniShow can achieve industry-graded quality while achieve consistent controllability across multiple tasks. Note that 
OmniShow is the first model that supports four multimodal inputs at one time.

Qualitative Comparison



Experiments

The model derived from the A2V training, denoted as OmniShow-A2V, 
also achieve top-tier performance of audio-driven avatars.

Quantitative Comparison on the EMTD Benchmark

Compared with a representative cascaded baseline (VACE + LatentSync), OmniShow 
achieve best results across all evaluation metrics, avoiding the artifacts and blur 
often introduced by isolated lip-synchronization process.

Qualitative Comparison with VACE + LatentSync

Judged by human evaluators, our OmniShow achieves superior performance in overall 
quality, showing great alignment with human preference.

Qualitative Comparison with VACE + LatentSync Quantitative Ablation Studies

We conducted detailed ablation studies for our key techniques and design 
choices, to show the effectiveness and robustness of our method.



Thank you very much for your listening!
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