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i Experimental Results on Knowledge-based Model Editing Task

Large Language Models (LLMs) have revolutionized various natural d do 9y dr-1 4y Editing performance of all compared methods under 3K consecutive editing. For our model, query features are derived from the last token hidden
language processing tasks with their remarkable capabilities. Query C Q Q I Q @ ) q states in model’s 24-th layer. Three fundamental metrics are used to evaluate model performance, including Efficacy, Generality, and Locality.
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understood as the leading in cable. This allows the memory and the relevance between the query feature and the retrieved information. _ Memory Sharing
The number of memory banks determine the memory bandwidth.

LLM to be used effectively as a unified system. As such, the memory

writing could be simply achieved by performing a fine-tuning process Moreover, these banks are inferconnected with each other, i.e., the To further investigate the effects of long-term editing, we conduct The peripheral memory endows our method with an advantage, i.e.,
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