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Basic Assumption

Audible actions are induced by

sudden changes in the forces acting

upon an Ob‘] ect ( e ) Forces acted on the ball: ~ Forces acted on the ball:  Forces acted on the ball:
- Gravity only Gravity + Sudden normal force Gravity only
(Key frame of action)

Self-supervised
Spatial Auxiliary
Training Strategy

Discriminative maps

Spatial Modelling (Motion Localization)

MotiorAssodelitign
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Inflectional Flow Estimation
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UCFRe CountixAV
Method | \iiE" OBOT | MAE, OBO?
RepNet 0915 0.074 | 0.749  0.231
TransRAC 0.594  0.222 | 0.686 0.255
X3d 1.245 0.037 0.876  0.192
TimeSformer | 0.832 0.0 1.551 0.185
Hiera 0.791 0.152 3.648 0.231
Ours 0.588 0.185 0.549 0.346

Table 3: Counting performance on UCFRep and CountixAV
datasets. Top-2 results are marked in bold and underlined.
Our method has not been trained on any counting dataset.

Counting Performance Evaluation



Self-supervised Spatial Localization Visualization



Video Re-dubbing Result



Video Re-dubbing Result



Video Re-dubbing Result



Thanks for watching!
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