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π† = ϕ̃ ∘ Θ̃ ∘ π̄† ∘ τ̃∘

Tempered softmax gives a real-world example which satisfies our 
conditions.


X = R5 PX = N (0, I5)

Y = {1, 2, 3} PY = ∆2

D = 1

π† : R5 → R → ∆2

log(π̃(yk | x)) = log(π†(yk|x))
T T = 5

π = {1, 2, 3}
Division by a constant T satisfies conditions 
1 and 2 where  is the log difference.d𝒫𝒴

Condition 3 is satisfied.

π π† π̃ π̃θ π†
θ
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