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Long-horizon manipulation

Gard problem for RL \

e High precision tasks

e Complex reward design

\o Large exploration space J
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Multi-stage feedback

Long-horizon tasks have a multi-stage
structure

Key idea:
Stage feedback + demos can guide learning

Stage 2: Align with hole Stage 2: Hover over cube

Stage 3: Stack




How do we achieve this?
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monstration to simultaneously Iearn:\

1. Online reward function
2. Policy pre-training

3. World Model for planning
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Online reward learning

Successful rollout
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Policy pre-training

Phase 1: Pretraining
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World Model Learning

Phase 1: Pretraining

Phase 2: Interactive Learning
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Results: Sample Efficiency

Meta-World ManiSkill Humanoids Robosuite
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Results: Demonstration Efficiency
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Thank you!

ManiSkill Manipulation Meta-World ManiSkill Humanoids Robosuite
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