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Background

Key challenges of multi-view reinforcement learning: learning expressive and robust
state representations

o the difficulty in learning and fusing compact representation from redundant and
high-dimensional multi-view observations

@ the problem of dealing with missing or interfering views in real-world scenarios
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Experimental Results

@ Robustness Against Missing Views

o Evaluation on Meta-World
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o Evaluation on PyBullet's Ant.
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@ Robustness Against Noisy Views
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Interpretability Visualization

@ Visualization of multi-view fusion for task-relevant representations.
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Interpretability Visualization

@ Visualization of learned representation on noisy view

@ Quantitative Analysis on Bisimulation Metric

Bisimulation Loss
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Check our paper for ...

@ Detailed description of our method
@ Theoretical guarantees

@ More empirical results
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