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Abstract

Recent advancements in large language models (LLMs) have shown
promise in bridging the gap between natural language queries and database
management systems, enabling users to interact with databases without the
background of SQL. However, LLMs often struggle to fully exploit and
comprehend the user intention and complex structures of databases.

Introduction

Current LLM-based text-to-SQL methods face several challenges like ambiguous user intent, sophisticated database
schema which often lacks proper documentations, and complex syntax structure of the SQL queries.
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User Question

Could you tell me the names of the 5 leagues with the highest matches
of all time and how many matches were played in the said league?
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JOIN League ON Match.league 1d = league.id GROUP BY
. . League.name ORDER BY count(Match.id) DESC LIMIT 5

SGU-SQL consistently outperforms state-of-the-art text-to-SQL baselines.
Methods

1. How could we to map the natural language query to the relevant database elements?
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Figure 1. The pipeline of text-to-SQL models.
Results

Figure 2. Performance of existing LLM-based text-to-SQL models.
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generation strategies to decompose queries with syntax trees and then incrementall
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generate accurate SQL with LLM.
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