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Highlight Summary. Existing temporal knowledge graph
completion research regards temporal information as Inspired by the structuralist linguist Ferdinand
de Saussure’s perspective on temporal contexts

supplementary, failing to observe various features and and synchronicity), the characteristics of
trajectories that facts can present from a temporal  temporalized facts can be summarized as follows:
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Motivation Summary. Inspired by structuralist linguist Ferdinand de Saussure’s perspective
on temporal scenarios, we summarize the properties of temporalized facts as follows:
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: Facts often exhibit varying and across different temporal domains
(b) Synchronicity: Various relations between entities often influence each other, thereby generating latent semantics.
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Thank you for your attention!



