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Lack of global context in next-token visual generation
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Introducing global context by low-resolution token pivots 
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Accuracy/speed trade-off in next-token visual generation
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Accuracy/speed trade-off in next-token visual generation
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Lack of global context in MAR (continuous-valued token)
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Overview of our method Hi-MAR
• Hierarchical Masked Autoregressive Models (Hi-MAR):

• Stage 1: Mask autoregressive for  � �(� � |� 1, � 2, . . . , � � −1).

• Stage 2: Mask autoregressive for  ��(� � |�,  � 1, � 2, . . . , � � −1)   with low-resolution toke pivots G. 
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Training-inference discrepancy in multi-scale AR
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Training:

Hi-MAR Scale-aware Transformer
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Shared parameter
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Inference:
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Eliminating the train-inference distribution gap significantly improves performance
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Scale-aware transformer backbone



System level comparison


