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.ﬁ- Research Content
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.‘j. Research Methodology
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.5' Object Classification

Method Publication N-MNIST N-Caltech101 N-CARS ASL-DVS
HATS CVPR 99.1 64.2 90.2 -
EST ICCV 99.0 75.3 91.9 97.9
AMAE RAL 98.3 69.4 93.6 98.4
M-LSTM ECCV 08.6 73.8 092.7 98.0
MVF-Net CSVT 08.1 68.7 92.7 97.1
EvT CVPR 08.3 61.3 89.6 99.9
DVS-VIiT ICIP 08.1 63.3 90.7 96.9
GIN ICLR 75.4 47.6 84.6 51.4
EventNet CVPR 75.2 42.5 75.9 83.3
RG-CNNs TIP 99.0 65.7 91.4 90.1
EV-VGCNN CVPR 99.4 74.8 05.3 98.3
VMV-GCN RAL 99.5 77.8 93.2 98.9
TORE TPAMI 99.4 79.8 94.5 99.9
RILF ICCV 99.6 - - -
NDA ECCV - 78.2 90.1 -
VPT-STS ICASSP - 79.2 05.8 -
TOKEN ICASSP 99.9 81.6 95.4 99.9

Ours 97.37 84.35 99.9 99.2 n



.') Visualization of Semantic Distance

ASL-DVS

50 -

'
‘sl
~

_25 -

%
e

—50 -

_75 -

100

75

25

=25

-50

=1/5)

MNIST

N

100 -
8=
50 -
25 -

_25 -

-50 -

=75 -

-0

| 1 1
=7/5 =50 =25

—100




‘5' Model Complexity

Method Params(M) MACs(G) Time(ms)
PointNet++ 1.8 4.0 103.9
RG-CNNs 19.5 0.8 :
EV-VGCNN 0.8 0.7 7.1
VMV-GCN 0.8 1.3 6.3
EST 21.4 4.3 6.4
M-LSTM 21.4 4.3 6.4
MVF-Net 33.6 5.6 10.1
Ours 21.9 3.7 2.1
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‘5' Object Detection

Representati N-Caltech101 N-Caltech101

N-Caltech101

N-Caltech101

on IOU(30000)  10OU(50000) IOU(70000)  10U(100000)
Frequency 0.4276 0.5640 0.5896 0.5937
SAE 0.4845 0.5976 0.6089 0.6198
LIF 0.2056 0.2162 0.3722 0.4022
ours 0.4879 0.6087 0.6357 0.6450
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.'j.VisuaIization of Event Representation Methods
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