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üQuRe : CIR model that ranks both the target and other relevant images at the top
üHP-FashionIQ : Human-preference CIR dataset for assessing how well models align with user judgmentsTL;DR
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ü Existing CIR methods retrieve the 
target correctly yet still place 
irrelevant images among top results

ü QuRe ranks both the target and other 
images highly

ü Preference Optimization
Assign one negative per query, 
exclude false negatives

ü Hard-negative Mining
Update hard negative set by 
selecting images between the two 
largest post-target score drops

ü HP-FashionIQ provides human relevance judgements 
for each retrieved image, annotated by 61 participants 
on the FashionIQ validation set

ü HP-FashionIQ supports the Preference Ratio metric, 
quantifying how often a model’s higher-scoring set 
aligns with human preference:
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ü QuRe’s hard negatives lies close to the target but at lower relevance
ü QuRe achieves the highest Recall@k and best aligns with human preference


