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TL:DR v QuRe : CIR model that ranks both the target and other relevant images at the top
y v HP-Fashionl@Q : Human-preference CIR dataset for assessing how well models align with user judgments
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v' QuRe’s hard negatives lies close to the target but at lower relevance
v" QuRe achieves the highest Recall@k and best aligns with human preference




