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Background

Dataset Distillation

Synthesizing large datasets into smaller ones while achieving similar performances

Applications

Continual Learning, Membership Inferences, Neural Architecture Search(NAS), etc

Motivation

DD methods often exhibit different behaviors on biased dataset than balanced datasets.

Contributions

e Analysis Dataset Distillation methods exhibit different behaviors on biased datasets,

causing biases to be amplified on some datasets and suppressed on some others.

e Method We propose to use Kernel Density Estimation (KDE) with Supervised
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Ablation Study on Training Time Debiasing

Table 3. Ablation study test accuracy (%) on applying de-biasing
method to train with synthetic datasets from DM, assessed under

Ablation Study on Surrogate Model

Table 4. Ablation study test accuracy (%) on applying de-biasing
methods to surrogate models on CMNIST with 5% bias-conflict
samples and IPC 1, 10 and 50.

w0 5% bias-conflicting samples and IPC 10 and 50.
- T T S S IPC
IPC 10 50 10 50
.. : DM 25.3+0.3 19.6+£0.9 23.8+1.3
Training with KDE and SupCon DM 19.6+0.9 23.8+1.3 42.0+£1.2 44.6+0.9 DM-+DFA 26.1403 20.5+0.5 254404
| DFA 25.8+1.0 31.24+1.3 11.0+2.1 17.6%+1.9 MTT 202409 47.7+0.8 339+1.2
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1=1



