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Research Question

How can we efficiently align an existing generative 
model to match target marginal specifications, 
while preserving previously learned correlations 
between elements?
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Instantiations

• Same distribution family
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• Minimize the # updated parameters 

• Improve sample efficiency
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Autoregressive model for sets
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Energy based model for sets

Primal optimization problem:

Equivalent dual form:



Experiments

Pairwise F1 Marginal RMSE
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Real-world experiments

Similar pairwise F1 ---- maintains the correlations between items 



Efficiency of adaptation



For more information, please feel free to contact us

Thanks

Contact: hadai@google.com


