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Very related problems: We show robust regression reduces to sparse ?
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Consider sparse regression: “Find a k-sparse x to solve Ax = b”
Suppose there exists y with Iyl =k with Ay = b (Realizable case)

Enumerate over all k/2 sparse z and compute Az Enumerate over net
Check if there exists k/2 sparse z’ such that Az’ = b-Az Check for 2’ using nearest

, _ neighbor data structure on
Output z’+z as solution {A7}

Only ~ d*/? cost!
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Similar improvement for robust regression (n* — n'/?)



Other results

Upper bounds:

> Sparse PCA problem: “Find a k sparse unit vector u to maximize u*Au”

Lower bounds side:

> Bicriteria hardness for sparse regression: “Problem still hard even if we relax
sparsity and approximation constraints”

> Fine grained hardness for robust regression: Evidence of n*/# hardness for
robust regression



Thank you!

Please see our paper for full details!
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