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MOLECULAR GRAPH VS OTHER GRAPH
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1. Common sub-graphs (motifs) in molecular graphs have special meanings

2. Most existing GNNs fail to consider motif patterns sharing among molecular graphs

Motifs deserve more attention when designing GNNs for molecular representation
learning.
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MOTIF VOCABULARY
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We build a motif vocabulary/dictionary by searching all molecular graphs and extract

important subgraphs.
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HETEROGENEOUS MOTIF GRAPH
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Based on the motif vocabulary, we build a heterogeneous graph that contains motif nodes

and molecular nodes.
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HETEROGENEOUS MOTIF GRAPH NEURAL NETWORKS
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We construct a heterogeneous motif graph to learn both atom-level and motif-level

representation simultaneously.
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EXPERIMENTAL RESULTS
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Thank you for listening!
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