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True Posterior: p(6|D)
Approximate Posterior: q(8) = [1)~, q;(8;) = exp {— A Ui(S )(Hl-)}
q; (8;) x exp {—Ui(s)(ei)} where Ui(S)(Hi) = —IEgﬂi,\,qﬂi[log p(9i, 9'_,1-,2))]

Structured SGLD: | \ > Mini-batch D
€ 18
6t =6 —EVQU(S)(H;D) +& &~ N(0, c—:I)J

(Approx. Structured Energy Function: A Approximate [E’é~q with MC Samples:
M ~
0 (6;D) = z Eg.q 0({6:,6.}; D) 0, ~ 3,00 = {6,612, ..
- i= y,




Posterior Visualization

(a) SGLD (b) S-SGLD
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Posterior Visualization

(a) SGLD (b) S-SGLD § (¢)S4-SGLD
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Model Averaged Accuracy

Method
Comparison
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