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exponential blowup with the horizon NP-hard problem1 

1(Mundhenk et al., 2000)

Reduction to a class of POMDPs ! p
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Take Home

Non-Markovian policies are better for finite-sample convex objectives
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What Is Next?
Approximate methods to optimize non-Markovian policies for convex objectives

Applications: When is it critical to consider a finite-sample objective?
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