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Need to detect covariate shift at each time point
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$𝒈 CAN Differentiate

$𝒈 CANNOT Differentiate

vs

Accuracy > 0.5

Accuracy ≈ 0.5
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• (Lemma 4.1) We can reuse samples for 
• source-target classifier update and 
• the CP interval construction

Idea: No Held-out Set for the CP Interval

No held-out set is required: Sample Efficiency
FPR Bound from CP interval is still valid

Conditionally 
Independent

Reuse
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