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3. Results on the “Narratives” dataset

A- Dataset C- Results generalise to other layers

Narratives: fMRI data for evaluating models of naturalistic language comprehension and deep networks
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1. Method to extract syntactic and semantic
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2. Method to decompose brain activity

Brain representations:
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Estimated by Ridge
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2. Method to decompose brain activity
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2. Method to decompose brain activity
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2. Method to decompose brain activity

“not very happy”

Network representations:

Syntactic im x %)

Semantic i & _ x k)

Lexical x(0)

Compositional X — vy x© “not very happy”

Brain score : %(X) = Corr(WTX, Y )
i
\

Estimated by Ridge
regression on training data

73

Brain representations:

Syntactic 7 (X )
Semantic R(X®) — R (x®)
Lexical PR ( X(O))



