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Using RCT data

Observational sampling of RCT data is equivalent 
to observational sampling of APO data
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Other features of RCT data

In most cases, regardless of biasing strength, the 
sub-sampled data will be half the size of the 

original data
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Other features of RCT data
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The data rejected during sub-sampling can be 
reweighted according to the biasing probability 

and used as a held-out test set



Data sources
• APO data (3) 
• computational systems 
• RCT data (15) 
• publicly available RCTs 
• Synthetic-response data (10) 
• ACIC 2016 Competition, IBM Causal Inference 

Benchmarking Framework 
• Simulators (9) 
• Neuropathic Pain Simulator, Nemo, Whynot
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• Outcome 
regression (OR) 

• Bayesian additive 
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Focus on 
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Combination of treatment and outcome estimation
• Doubly-robust estimation (DR) 
• Neural network method (NN)
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PSM

Propensity score matching sometimes performs poorly



Results
RCT APOSimulator Synthetic-response



For more details, please see our paper!


