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Problem: Imitation learning on datasets
with varying levels of suboptimality

ILEED: Leverage demonstrator identities to 
recover expertise levels and learn better policy!

• No access to 
environment 
• No reward
• Data is 

suboptimal
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ILEED learns both policy and demonstrator expertise
We have

• states 𝑠
• actions 𝑎
• demonstrator 

identities 𝑖

We estimate

• policy 𝜋&
• state embedding 𝑓$
• demonstrator 

embedding 𝜔
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