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with . Minigrid
We have We estimate
ILEED: Leverage demonstrator identities to 4 A (ol ) ‘ l
* states s policy mg
recover and learn ! R . state embedding f; Empty Obstacles
* demonstrator e demonstrator p BC GAIL ILEED BC GAIL ILEED
g identities i p embedding w '
- / expet 081 096 097 | 018  -082 091
0 — _F 1 noisy 097 096 097 | 066 077  0.94
L( ) ¢, (U) - i,(S,a)[ 08 T[(CL‘S, Wi, qu 7-[9)] ' ' ' ' ' '
backpropagate 097 09 097 | 063 -001 094
through £
to learn (6, ¢, w) 097 096 097 | 080 -0.84  0.90
Robomimic
/o NO access to\ Dataset BC'RNN IRIS ILEED (OurS)
environment , . w(als, w;, ,mg) = All 780x43 52.7x50 T78.0=x1.6
e No reward T ( discrete . ( ) Worse 39.3 £ 3.8 38.7 + 0.9 46.7 4.7
. : p w; i PS5, Wi Okay 45.3 £2.5 42.0+£3.3 03.3 = 2.5
Data 1s Ppls @i)To(als) 4] Better 66.0 2.8 600+16 72.7+3.8
P \ Suboptlmal / 0 \ continuous
0 > Ek " (5:) 0;(s; 6) Worse-Okay  55.3 £0.9 43.3 £ 2.5 59.3 = 3.8
@IV & RSO, . Worse-Better 73.3+6.2 56.7+3.4 77.3 +6.8
(s),w)>0 —1 ’ < P (S;(Ul)>

fp(s) @) <0 ol o) o ¢ Okay-Better ~74.0£2.8 56.7+3.8 77.3+0.9

pe(s, @) = a((f(5), wi))




